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INTRODUCTION
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Suppose we are in prehistoric times and we are hunters. As good 
hunters our objectives are twofold: to get food and to survive 
another day. As we move through the forest we see a bush moving 
motivated by an animal inside.

We have two options: run away, but we would not eat or face the 
animal in which case if it is a predator we could die. Let's imagine 
the dilemma, based on our experience the most normal thing is 
that the hunter flees because he is not prepared to fight with a 
predator and has no more data to judge the situation. 

3

The reality is that the bush was not hiding a predator. The 
lack of data cost the hunter not to eat that day, but the 
question we would ask ourselves now would be: can we 
digitize the bush and its movement to give more decision 
elements to the hunter?

Digital transformation is not just about digitizing everything 
that can be digitized. It is not just a matter of converting 
physical reality into digital reality, but of representing 
something physical through data, together with its 
subsequent use.



1) What we now call the digital home could be 
defined as the data-driven representation of the 
needs of the home, based on the behavior of the 
resident. Intelligent thermostats sensor 
temperatures and, by means of algorithms, manage 
the comfort of the inhabitants of the home. Smart 
refrigerators do the same for daily shopping based 
on our habits and food stocks. In short: the data of 
the house at the service of the inhabitant, through 
automatic decision making, with the aim of 
improving our lives.
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Value of Data
Data StrategyIt is precisely the translation of reality into data that is transforming all industries virtually. Let's

look at two examples:

2) The digital car is another paradigmatic 
example, whose maximum exponent is the 
manufacturer Tesla, which has 
universalized the sensorization of the 
vehicle to, based on data, "drive" the car for 
us. This fact is what has marked the 
competitive advantage over the rest. 
Having so much data allows them to 
make constant decisions to be more 
efficient and improve the customer 
experience, both from the point of view of 
comfort and safety.

RIGHT NOW,

WHAT IS THE GOAL OF YOUR DIGITAL 
TRANSFORMATION?

WHAT IS THE PURPOSE OF THESE 
ACHIEVEMENTS?

The ultimate goal of digital transformation 
is to generate value. Although each 
company defines value differently, we 
could say that it can be translated into four 
possible objectives:

• Increase revenues
• Reduce expenses
• Mitigate risks
• Improve intangibles

The increase in data, both in 
volume and type (photos, 
videos, sounds, documents, 
etc.), is exponential. It implies a 
greater complexity to be able to 
generate information that 
provides value to decision 
making in the strategic 
decisions of the digital 
transformation objectives.

DECISION MAKING AS A LEVER
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THE DECISION-MAKING PROCESS AIMS TO FIND AN 
APPROPRIATE BEHAVIOR FOR A SITUATION IN WHICH 

THERE ARE A SERIES OF UNCERTAIN EVENTS.

Human beings are constantly making decisions, sometimes consciously and 
sometimes unconsciously. Some are rational and some are irrational, but the 
important thing is that everything is based on information, whether it is data from past 
experiences or ingrained beliefs. Behavioral science, represented by components 
such as psychology and neuroscience, studies a key part of our decisions. 

Think of the example of the Cambridge Analytica scandal in the 2016 US election, 
presenting data based on what they wanted people to think and influenced 
thousands of voters. Now imagine that we tell our hunter that what's in the bush is a 
small, non-dangerous animal, when it's a predator. What would be the result?

The digital revolution is no stranger to this process, as it is also digitizing the 
decision-making process.

5
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DATA - DRIVEN DECISION – DRIVEN

They start from the data that is available They start from decisions to be made

They find purpose for the data Find data for a purpose

Start with what is known Start with the unknown

Empower data scientists Empower decision makers

6

The capacity for intelligence sophistication in the use of data brought about by 
digital transformation drives the competitive advantage that organizations 
must have to compete with data.

The enormous potential opened up by new data capture, storage and 
processing technologies sometimes causes organizations to become blind 
to the preponderance of data. The question is: does having a lot of data 
alone improve decision making?

This reflection opens a debate on whether organizations should:

A. Use Data to Make Decisions > Data-Driven Decision-Making
B. Make the necessary decisions based on data > Decision-

Driven Data Analytics

This discussion is illustrated in the MIT Sloan Management Review article 
Leading With Decision-Driven Data Analytics. Below is a table showing the 
differences:
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Following NewVantage Partners' latest survey for 2021, the ability to 
compete with data "(Competing On Analytics)", has been declining and only 
41.2% of organizations claim to advance their transformation with this 
discipline.

COMPANIES

Automatic learning
"What can we learn from the data?"
Optimization

"What is the best scenario based on my needs?"
Simulation

"What will happen if I try this?"

Predictive models
"What's going to happen next?"

Project/Extrapolate.
"What if the trend is continuous?"

Project/Extrapolar
"Why is this happening?"

Alerts/Causal Analysis.
"What actions are needed?"
Ad hoc/Drill-down reports

"How much, how often, where?"

Interactive Scorecard
"What exactly is the problem?"

Management reports
"What happened?"

Regulatory Reporting
Regulatory Compliance
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Intelligence sophistication
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7

Starting from certain decisions or starting situations (the company's strategy), knowledge evolves and alternatives are 
identified, by means of questions, until a deep understanding of the answers and/or alternatives that are taken into 
account for the final decision is achieved.

On the other hand, the deployment of new capabilities or levers for using data, provided by digital transformation, 
can complement decisions by giving them "super-powers" to the rational decision-making process.

PARTES DEL ECOSISTEMA
DEL DATO:

Returning to the initial analogy of the 
hunter, faced with the question of 
whether to attack or flee, if he 
would´ve had data "super-powers", for 
example, having Virtual Reality 
glasses that analyzed with artificial 
intelligence techniques the 
movement, strength and other 
components to indicate the probability 
of being a predator or prey, he would 
probably have eaten that day.

If the decision-making process is to 
start with the business questions 
that drive the strategy, the question 
then becomes: do we have all the 
data to make the decisions?

Kaplan & Norton in the 1990s, with the 
statement of their Balanced 
Scorecard, already advocated that 
one must first start with the strategy, 
and then look for the strategic 
indicators that provide follow-up 
and management of the strategy.
According to their reasoning, if the 
data to construct an indicator does not 
exist, it must be sought. And if it 
cannot be found, it is necessary to 
change the indicator, because in order 
to manage it, measuring it  must be 
possible.

VALOR DEL DATO
Estrategia del Dato
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DATA
SOURCE TO DATA

ALTERNATIVES
DATA TO INSIGHTS

ELECTION
INSIGHTS TO ACTION

Known 
Data

Aggregate 
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Big Data

Alternative 
Questions
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03 IN SEARCH OF 
RELEVANT DATA
While data-driven decision making must start with the right business questions, without 
data, implementation is not possible. So the question is: how do we look for relevant 
data?

The four possible data generation actions are:

1. INFER

When faced with data that we do not have, an alternative is to try to infer 
it from data that we do have, and they become proxy variables. The 
main advantage is to save on data capture costs. The disadvantage is 
their lower reliability compared to real data.

An example is the inference of household income that Amazon can 
make, based on purchasing patterns, compared to the actual data 
available to the customer's financial institution.

2. CAPTURE

When faced with data that we do not have, an alternative is to try to 
infer it  from data that we do have, and it becomes proxy variables. 
This is therefore a possible alternative when it comes to getting hold of 
unavailable data. In terms of pros and cons, there are two:

• This alternative must be preceded by a correct cost-benefit 
analysis, in the sense of knowing whether the cost of capturing the 
data will really be covered by the benefits obtained from it.

• It is mandatory to perform a prior analysis of compliance with 
privacy regulations, as well as the likelihood that customers will give 
their consent to the use we will make of the data. A low volume of 
acceptance may jeopardize the cost-benefit analysis referred to in 
the previous point.

TYPE OF DATA POSSIBLE ACTIONS

INTERNAL 
DATA

KNOWN 
DATA

UNKNOWN DATA

Available

INFER

INFER

INFER

INFER

BUY

BUY

Not Available
INFER

CAPTURE

EXTERNAL 
DATA

KNOWN 
DATA

UNKNOWN DATA

Available

Not Available

CAPTURE

CAPTURE

CAPTURE
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3. PURCHASE

Acquisition, either by licensing or by outright purchase of data sets, is an 
increasingly universal alternative. Three issues to take into account are:

• A cost-benefit analysis of the value that such data will bring us versus 
the cost of capture must be carried out.

• An assessment of the data provider's compliance with privacy 
standards and consents is necessary. Ethical responsibility for the use of 
data should not end with our company, but should be extended to the 
entire data supply chain.

• It is important to analyze the quality of external data, as well as its 
suitability to the company's internal architecture, since such data can 
become a source of information that is difficult to fit into the internal data 
model.

4. DISCOVER

Over the years, large organizations have been building huge information 
systems in the form of silos, with layers of data designed for specific 
uses, without possible synergies with other uses, which in many cases 
have been abandoned by the users who requested them, if not the users 
themselves have disappeared from the company. This has led to the 
creation of real "data dumps", where it is difficult to separate the relevant 
from the accessory, the superfluous, or even simply from the duplicated. 

In this environment, data discovery can lead to real surprises, not only in 
terms of cost efficiencies in terms of seizure costs or improvements in 
data governance, but also in terms of the discovery of business-relevant 
attributes that had been buried in piles of redundant data.

As we have been detailing, in order to 
make decisions, it is necessary to analyze 

all alternatives and these alternatives 
must be supported by knowledge, which 

is supported by information and, finally, by 
data. That is why the decisions you make 

will be as good or bad as the value of 
your data. 

The next question is therefore:

HOW DO WE LEVERAGE THE VALUE OF 
DATA AND ITS USE TO SUPPORT 

DECISION MAKING BY GENERATING 
VALUE?
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Data’s value is based on its contribution to the organization's strategy. This process from data to value is reflected 
in the Value of Data chain, and is fundamental to the management of data as an asset.

Three concepts help us to calculate, on the basis of the Value of Data Chain, the Internal Value of Data (IVD), as 
defined by the authors in the book The Value of Data (2020): Intrinsic Value, Applied Value, Strategic Relevance.

QUANTITY QUALITY ACCESSIBILITY ANALYSIS DECISION

SOURCE TO DATA DATA TO INSIGHTS INSIGHTS TO ACTIONS

Volume Quality Uses Usefulness Value

INTRINSIC VALUE APPLIED VALUE STRATEGIC RELEVANCE

Value of Data
Data Strategy

INTRINSIC VALUE: Data Volume x Data 
Quality. Or how good or bad my data is at 
capturing reality. How many times do 
organizations face decision making with 
less than 100% quality. This implies that in 
the decision there is a degree of 
uncertainty on which the decision maker 
must decide. In the case of analytical 
models the impact will be clearly seen in 
the degree of their success.

APPLIED VALUE: Use Cases x Utility of 
Uses. The use that is made of the 
available information is key in any 
organization, whether Data-Driven or 
Decision-Driven. Something that is not 
used does not provide value, but it does 
provide cost. Not only the direct cost of 
loading and storing information, which has 
been reduced with the implementation of 
new technologies, but also the cost of 
governance, quality, etc.

STRATEGIC RELEVANCE: Impact of use 
cases on key strategic indicators. When 
we talk about key indicators, we are not 
only referring to those included in the 
strategic plan, but to all those necessary to 
make the organization function. 

VID = INTRINSIC VALUE X APPLIED VALUE X STRATEGIC RELEVANCE
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Taking Robert S. Kaplan and David P. Norton's theory on the Balanced Scorecard as a reference and extending it, the indicators
associated with strategy, in its broad spectrum, could be classified as follows:

STRATEGIC OPERATIONAL OR DIAGNOSTIC

REGULATORY

Those that represent the measurement of the 
organization's strategy and help in its decision making. 
They are those aimed at achieving competitive excellence. It 
is important to understand that strategies in the digital 
revolution are very changeable and it is necessary to be 
prepared for these new VUCA environments. Strategic 
indicators, as recommended by Kaplan and Norton, should 
not exceed 25 and can be subdivided into:

• Indicators of effect: which reflect the success of 
the actions. For example, with a financial 
perspective, the average collection period (in days).

• Causal indicators: those that help to move the 
necessary actions to improve the effects. For 
example, taking the average collection period, we 
could observe that customers who are more 
satisfied with the organization pay earlier. In this 
case, satisfaction or quality would be causal 
indicators of the average collection period.

The identification of causes and effects is a very relevant 
issue and machine learning has a lot to say in this area, as 
sometimes a correlation between variables not expected on 
the basis of experience can be discovered.

Those who follow and control the business by issuing 
signals when something unforeseen occurs. Here we can 
speak of a wide variety, although each organization must 
adapt this number to its reality. 

Operational or diagnostic indicators should have a link 
with the generation of a cause that generates an effect 
with an impact on the organization. If for any reason this 
link does not exist, we should reflect on whether the 
process they manage is critical or not for the organization. 

If it is critical for the organization and is not reflected in the 
strategic indicators, the strategy should be rethought. If it is 
not reflected, the analysis is different, but it could raise the 
possibility of decommissioning the process with the 
consequent cost savings.

Indicators that are required by official bodies and, 
although they may or may not support decision making, 
non-compliance may lead to severe penalties. All data 
required in this line have a value.
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BY EXPANDING THE INTRINSIC VALUE AND THE APPLIED VALUE THE RESULTING 

FORMULA WOULD BE:

12

IVD = ∑ [V x Q] x [N x U] x SR

IVD: Internal Value of 
Data

V: Volume of 
Data

Q: Data 
Quality

N: Number of Use 
Cases

U: Usefulness

SR: Strategic 
Relevance

The IVD shows a value on which, depending on the actions we launch, we can manage 
our data in a cross-cutting manner through its contribution to the organization. It allows 
us to monitor and act on several axes, for example:

• The evolution of this value over time.
• The levers that improve value.
• The proportional impact that each of these levers has on value. 
• Compare the value provided by the different information actions with the cost 

associated with each of them, so that they can be prioritized.
• Set an objective measured in terms of value.
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Following the Balanced Scorecard theory, 
extending the four classic areas to the world 
of data, we could structure the strategy in five 
major areas:

• Financial Perspective

• Customer Perspective

• Perspective of Processes

• Talent Perspective

• Data Perspective

STRATEGY

FINANCIAL

PERSPECTIVE

PERSPECTIVE

OF PROCESSES

CUSTOMER 

PERSPECTIVE

DATA

PERSPECTIVE

TALENT 

PERSPECTIVE

The inclusion of the data perspective would ensure alignment 
with the overall strategy of the organization, its contribution and 
its impact. Making the organization aware of the importance. 
Organizational awareness is key to the development of a data-
driven culture. 

Have an analytics culture. Another point of concern from 
respondents to the NewVantage 2021 survey, only 24% of 
executives believe they have fostered a data-driven culture.

Therefore, the data perspective could be viewed from the 
following axiom:

DATA AND THE  TRANSFORMATION INTO KNOWLEDGE 

ARE  THE FUNDAMENTAL PART OF DECISION MAKING, 

BOTH RATIONAL AND AUTOMATIC (ALGORITHMS).

Value of Data
Data Strategy
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05 THE POTENTIAL VALUE OF THE DATA

Once the concept of Internal Value of Data has been defined, with the objective of achieving the highest 
Value, the next question is: what is the maximum value we can obtain with our data and usage? In other 
words: is there a possibility to improve the potential of our data?

THIS INVOLVES INTRODUCING THE CONCEPT OF THE POTENTIAL VALUE OF THE DATA.

We define the Potential Value of Data as the value that our data would achieve if the quality of the data 
and the usefulness of the use cases were 100%.

Consequently, we could formulate the Potential Value of the data to enforce the Strategy as follows:

= ∑ [V x Qmax ] x [N x Umax ] x SR

V: Volume of 
Data

Q: Maximum 
Quality

N: Number of Use 
Cases

U: Maximum  
Usefulness of 

Uses

SR: Strategic 
Relevance

POTENTIAL VALUE
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From which we infer that Quality is to Quantity what Usefulness is to the 
Number of use cases. In other words, Quality and Usefulness are the 
qualifiers of the Internal Value of Data formula.

This definition means that there are actions that can increase the 
potential value of our data, while others will bring us closer to this 
potential value, without increasing it:

Actions that bring the data closer to its Potential Value, but do not 
raise it:

• Increase in the number of registrations. Example: capture of new 
customers or potential customers.

• Improving data quality. Improving operational processes or inferring 
data.

• Improving the usability of use cases

Actions that can improve or increase the Potential Value of Data:
• Increasing the number of variables (metrics and attributes): for 

example, including new customer attributes.
• Increase in the number of use cases: To identify new causes that 

impact on the strategic indicators and allow to power unknown 
levers.

• Changes in Strategic Relevance: either by introducing new strategic 
indicators (effects) or by changes in the distribution of relevance 
among existing indicators.

= ∑ [V x Q] x [N x U] x SR

The following figure shows the impacts that the different actions have on 
each of the variables of the Internal Value of Data formula:

INTERNAL VALUE

Raising Potencial Value

Bringing value closer to its potential

Registrations

Attributes
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06 THE RELEVANCE 
CURVE

Accumulation 
Section

Value 
Section

Saturation 
Section

Value Point

Point of 
Saturation

V
A

LU
E

Volume

Although the conditions of quality, number of 
uses, usefulness of uses and strategic relevance 
do not vary, the fact is that the data does not 
provide value in a linear fashion as it volume 
increases, but rather they do so unevenly as we 
accumulate data.

The function relating the value contributed by the 
data to its volume can be represented in the same 
way as many natural learning processes are 
represented, by means of the sigmoid function:

y=1/(1+ e^(-x) )

This is what we call the Relevance Curve, whose 
abscissa axis represents the volume of 
accumulated data and the ordinate axis the value 
obtained.
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At an initial level, having a small handful of data will provide little value, as 
your ability to generate valuable analysis will be very limited. 

However, beyond a certain volume, the marginal increase in value obtained 
by an additional piece of data increases exponentially.

In the same sense, when the accumulated volume of data is very high, there 
comes a time when the marginal increase in value provided by a new piece 
of data is very low.

With this in mind, three tranches can be distinguished:

• Accumulation section: level of data below which little value is added to 
decision making.

• Value section: volume range where the capture of new data provides 
value band.

• Saturation section: level of data above which the marginal value 
contribution of new data is very low.

As a consequence of the above, we defined two key points:

The point at which the Saturation 
Section is reached is defined as the 
Saturation Point. Above this level, 
the marginal increase in Value 
provided by an additional data is so 
low that the cost-benefit analysis of 
incorporating that additional data 
may make it unprofitable.

The point at which the Value 
Section is entered is defined as 
the Value Point. Below this 
level, there will not be enough 
data to be able to help us in our 
decision making.

1 2
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In the Relevance Curve, movements can be of two 
types:

Along the curve: all those movements that seek 
to increase the volume of data or the number of 
use cases, without intervening in the other factors 
of the Internal Value of Data formula: acquisition 
of external data, creation of new use cases...

Shifting the curve: These are all those 
movements in which the actions launched shift 
the slope of the curve or make parallel 
movements, mainly by moving the saturation and 
value points. For example, improving the 
capabilities of users so that with less data and/or 
actions they are able to generate the same value 
in decision making.

The most obvious move along the curve to improve 
Value of Data is through data volume, although it should 
be remembered that keeping data that is not used does 
not add value. 

Other examples of moving along the curve are as 
follows: Capture of new data, Purchase of external 
data, Accidental loss of data, Reusability of data.

Data Purchasing

Value
Point

Saturation 
Point

V
al

u
e

Volume

ON THE EXTERNAL DATA ACQUISITION EXAMPLE THE 
MOVEMENT ALONG THE RELEVANCE CURVE WOULD BE:

1

2
VALUE 
ENHANCEMENT

1

2
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In the event of a data loss:

If we are in the Saturation Section, the impact on Value will be very small
(move from position 1 to 2), since an internal loss of data has a minimal 
reductive impact on the contribution to Value.

On the other hand, if we are in the Value Section, the impact can be very 
high (moving from position 3 to 4), as each additional internal piece of data 
brings a very significant increase in value.

The movements that shift the curve are countless, demonstrating the 
complexity and richness of implementing a data strategy. 

Let us look at a few examples:

IN ANOTHER EXAMPLE, LET'S SEE WHAT HAPPENS WHEN DATA IS LOST 
OR DELETED FROM THE SYSTEM:

Data Deletion Data Deletion

Value 
Point

Saturation 
Point

V
A

LO
R

 

Volume

1

2

3

4

LOSS OF 
VALUE

LOSS OF 
VALUE

• Data remediation to improve quality.

• Degree of scarcity in  existing data (if a competitor manages to infer our scarce data, 
our competitive advantage may vanish).

• Technological improvement.

• Improved analytics: either in the form of predictive models or the usefulness of a 
dashboard for decision making.

• Implementation of a better data model or architecture.

• Homogenization of master or reference data.

• New business intelligence tools.

• New Visualizations that help decision making.

• Data-literacy actions.

• Training.

• Talent management.

• Changes in strategy, which may cause our data and uses to be more or less 
relevant in the new scenario.
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1. It is possible to advance the Value Point, i.e., less data is needed to 
be able to perform analyses that provide more value.

2. It is possible to advance the Saturation Point, so that data can no 
longer be stored and processed without losing value. This case is 
useful for a principle of Data Ethics, according to which the aim is to 
use as little data as possible without reducing the explainability of a 
model.

3. There are actions that have nothing to do with the technical part of 
the Value of Data chain that have a very significant impact on the 
ability of data to add value: training, culture, motivation, leadership...

Value Point

Initial saturation 
point

V
A

LU
E

VOLUME

Final Saturation 
Point

12

VALUE 
ENHANCEMENT

These actions are aimed at improving the analytical capabilities of 
business users. The positive impact is that less data is needed to make 
the same decisions or, in other words, with the same amount of data, 
our decisions will be more accurate and therefore improve value to a 
greater degree.

The following graph analyzes, on the Relevance Curve, the impact of 
the implementation of a new business intelligence tool and a parallel 
analytical training plan for business users. 

THE CONSEQUENCES OF THESE CHANGES IN THE CURVE ARE 
VARIED:
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07 BARRIERS TO ENTRY 
WITH DATA

Although each sector and each product and service has a different 
characteristics curve, companies can generate sustainable 
competitive advantages based on data that create barriers to 
entry that are difficult for competitors to overcome. 

These barriers can be built on two factors:
1. High Data Relevance
2. High relevance of Uses

BARRIERS TO ENTRY DUE TO THE ACCUMULATION OF DATA: 

These occur when the set of data or corpus that you have is 
much larger than the one available to any start-up company 
or company belonging to the sector. The reasons are varied, 
external data capture, greater number of clients, transactions, 
etc.

Perhaps the greatest exponent of these barriers to entry is 
Google, when in 2006 it assembled a corpus of one billion words 
for linguistics researchers to develop a language processing 
engine. Until then, the corpora or datasets were much smaller 
and had trained very complex models with great success. What 
the researchers in the machine learning field at Google (Halevy, 
Norvig and Pereira) discovered thereafter was that the quality 
was much lower, as the dataset was full of incomplete 
sentences. 

BARRIERS TO ENTRY DUE TO USEFULNESS:

These occur when the use of data for decision making 
marks a competitive advantage over the competition. This 
may be due to better talent, better exploitation tools, greater 

efficiency in analytical models...

Continuing with the example of Google, we can refer to its 
page ranking algorithm. It evolves at such a speed that not 

only competitors do not have time to match it, but those who 
try to "cheat" it, by the time they succeed, a new evolution has 

already been put into production. In 1998, in Google's early 
days, the search engine and the computer index were 

updated every few weeks. Today it happens almost 
instantaneously through various functions, for which Google 

indicates that they use more than 200 signals, although Danny 
Sullivan, in his article FAQ: All about the Google RankBrain 

algorithm, expands on this by indicating that they are 
estimated to use up to 50,000 sub-signals. This is something 

that today makes Google the clear winner as a search engine, 
exploiting an entry barrier achieved through improvements in 

the usability of its algorithms..

However, the sheer volume and representativeness of how 
users actually wrote, far from the more formal models, 

compensated for that deficiency. Putting that large volume 
of data together with simpler models, they were able to 

achieve better accuracy than the more formal models.
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08 CONCLUSIONS
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Our hunter was really asking himself the right question, run or attack. If we look at it from another 
axis, and if he had asked himself: What is the size of the animal? Does it make dangerous noises? If 

he had had all the alternatives available to him, he might have been able to change his decision. 
Companies have to start with the right questions in order to have all the possibilities on the table

and make the best decisions.

Participants in data-driven competition in the era of digital transformation must deploy analytical 
capabilities (applications) and drive the capture of key internal and external data in an orderly fashion. 

Adding a fifth perspective to the traditional four: financial, customer, process, talent and data.

The data perspective governs the gathering of information and the use that is made of it, its 
measurement is capital if value is to be obtained and it is here that organizations that implement a 

method of valuing data as an asset will be the victors in the data war.

The Strategic Relevance method is the philosopher's stone that helps to drive these levers and 
with the help of the Relevance Curve to manage the Data Barriers that help to compete with data.

In short, any improvement or loss of information value will directly or indirectly impact decision 
making, which will translate to a greater or lesser extent into a loss of value in the organization's 

results or in the comparison versus its market competitors.

BECAUSE DIGITAL TRANSFORMATION HAS GIVEN THE HUNTER A POWERFUL WEAPON: DATA.
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