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Introduction: Our world is always on 
The digital transformation impact

Every day there are more advanced technologies that can help us to think 
about new use cases which can be applied to our companies in order to 
obtain a transformation and business strategic in, at least two points of view: 
to improve the processes to be more competitive and at the same time, what 
differentiates us in our industry and improves our relationships with customers 
by offering products or services of higher quality, value and access.

Companies worry about becoming more digital and improving access to customers. For this 

reason, the way of working is changing more and more, as well as the communication between 

the departments to achieve joint objectives and greater agility. Continuing with its digital 

transformation, the collaboration paths between companies are expanded to be more and more 

complete and offer a range of products or services more globally. 

Governance and “order” especially

The governance goes beyond the data and sources of information that we know and use to make 

decisions. Data governance is an aspect of business within an organisation and, the CDO is the 

entity capable of assuming and ensuring compliance.

Having said that, we have an obligation to have control, management and maintenance of any 

concept, component or object that is related to any analytics used to make valuable decisions.

When we need to execute analytical processes in a data lake, we have to manage the control 

and monitoring rules defined previously to have maximum control of the productivity and results 

obtained. In this way, we guarantee that the results will be analysed in the context of what we are 

trying to solve and the successive iterations.

Analytical processes are increasingly complex, and minimal change can significantly alter the 

results. Therefore, we must pay special attention to both the governance of the data we handle and 

the governance of the analytics (processes and models) that we use to solve complex and concrete 

problems with quality.

Analytics governed under the CDO

Governed analytics is the same as governed data discovery - a term coined by Gartner. Basically, it 

means a managed analytics application where all the data, content and user activity is monitored, 

controlled and secured.

With all of the above, the CDO role is responsible for ensuring that the definitions, use and results 

are accurate, with the possibility of obtaining them again and again with other updated datasets. 

Even, according to the period of maturity, the figure of CDO could be extended as an office (DMO: 

Data Management Office, or DGO: Data Governance Office) that assumes all missions of governed 

data and analytics.

The way of working is 
changing quickly and data 
analytics is transforming 
the businesses

The role of the CDO will be present 
throughout the process
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Why analytics need a refresh
Currently, most companies have their BI departments, where they can provide services to other business departments, 
streamlining their reporting and analysis, to help them make decisions, through what we call traditional analytics.
Each time the business departments demand more information of value, we see the need to have greater capacity in the 
processing of data (internal and external) and analysis tools, and provide advanced analytics, using complex techniques 
based on artificial intelligence (AI) and machine learning (ML). This leads us to discover certain patterns in the data and 
behaviour of our clients that we were not able to obtain before and which opens the doors to a huge field of possibilities 
for the development of our businesses, which will have a direct impact on our clients and potential customers.

WHY TRUSTED ANALYTICS AT 
SPEED IS THE KEY TO DIGITAL 
TRANSFORMATION 

We’ve entered the era of the information economy, 

where data has become the most critical asset of 

every organisation. Data-driven strategies are now 

necessary for success in every industry. To support 

business objectives such as revenue growth, 

profitability and customer satisfaction, organisations 

are increasingly reliant on analytics to make 

decisions. Data-driven decision making is at the heart 

of your digital transformation initiative.

But coping with data is still a challenge. According 

to the latest Data 2025 Report from IDC, data will 

grow bigger and faster. IDC predicts that the Global 

Datasphere will grow from 33 Zettabytes (ZB) in 2018 

to 175 ZB by 2025, representing a significant increase 

of 430% over 2018. Over the same period, the share of real time data will double from 15% to 30%. 

To provide the business with the data it needs to fuel 

digital transformation, organisations must solve two 

problems at the same time: speed and trust.

The data must be timely, because digital 

transformation is all about speed and accelerating 

time to market— whether that’s providing real-

time answers for your business teams or delivering 

personalised customer experiences. However, most 

companies are behind the curve when it comes to 

delivering technology initiatives quickly. According 

to Forrester, only 40% of CIO’s are delivering results 

against the speed required. While speed is critical, 

it’s not enough. For analytics to enable effective 

decision making, organisations need analytics they 

can trust.  According to a KPMG Report published 

in 2018, a huge majority (92%) of executives are concerned about the negative impact of data and 

Examples of technological solutions:

Input 
data

Automated 
models

Processes Inform
at

io
n

Input 
data

Information

Only 40% of CIO’s 
are delivering results 
against the speed 
required to drive 
and define specific 
roles for governance, 
architecture and data 
quality in companies
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analytics on corporate reputation. Being able to trust your analytics is about remaining on the right side 

of regulation and customer confidence, and it’s also about having the right people using the right data to 

make the right decisions. 

Speed and trust are often at odds so it’s common for organisations to focus on one or the other. Many 

organisations default to speed to meet data users’ expectations for ease and convenience, as well as to 

fit their own time or budget constraints. These companies allow developers to hand code integrations 

or do one-off projects with niche integration tools in order to get results fast. But while these tactics may 

solve the speed issue in the short term, they are not scalable as companies grow, and create quality and 

compliance risks due to the lack of oversight. However on the other hand, organisations that try to solve 

the analytics trust problem often create a “no” culture with the establishment of strict controls and an 

authoritative approach to governance. This can hinder the innovation and agility which is so necessary to 

compete in today’s business environment; and businesses that operate too slowly risk being left behind.

A 4 STEP APPROACH FOR THE AGILE & GOVERNED DATA LAKE

A GOVERNED DATA LAKE TO AVOID SILOED UNTRUSTED ANALYTICS

We believe the main purpose of a data lake is to provide full and direct access to raw (unfiltered) 

organisational data as an alternative to storing varying and sometimes limited datasets in scattered, 

disparate data silos. For instance, say you have ERP data in one DataMart and Weblogs on a different 

file server; when you need a query that joins them together, some complex federation scheme (and 

additional software) is often required: A real pain, right? Ideally, the data lake would allow you to put all 

that data into one big repository making it readily accessible for any query you might conceive.

But without proper control, your data will soon become obsolete, not updated and not accessible, 

allowing your data lake to become a data swamp. That’s why organising your data with a data catalogue 

and clear and assigned roles and responsibilities to datasets, is becoming pivotal for the success of your 

governed analytics. 

With a properly architected and governed data lake you could in fact load all of the data you care about 

together so every business use case and analytics use case can be easily and seamlessly supported. 

The ability to provide everything from traditional business intelligence reporting and analytics, to data 

exploration, discovery, and experimentation from your data and analytics team could hoist you up as the 

Boss’ hero.

REMOVING PRIMARY ANALYTICS ROADBLOCKS 

More than ever, organisations from various industries are hungry to get access to analytics to gain 

insights and make wise decisions. Modern analytics are considered as a way to accelerate the decision 

making process, whilst minimising risk and reducing uncertainty in a modern data driven world.  But as 

data is growing bigger and faster than ever, the promise of trusted analytics is still not delivered. 

According to Harvard Business Review, only 18% of business leaders across industries said their 

organisations are getting a sufficient return on their investment in analytics. Poor data quality, 

inability to access data and lack of standardisation and automation are presented as the three primary 

roadblocks in an organisation’s journey to trusted analytics.

1. https://hbr.org/sponsored/2018/05/uncovering-the-keys-to-becoming-truly-analytics-driven

According to Harvard 
Business Review1 , 
only 18% of business 
leaders across 
industries said their 
organisations are 
getting a sufficient 
return on their 
investment in analytics 
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So how do you remove trusted analytics barriers such as the lack of data accessibility and data quality to 

enable you to deliver trusted insights to gain a competitive advantage? 

This white paper outlines three steps that will ensure your company can have access to trusted analytics 

at a speed relevant to your business. It is possible to have both speed and trust without compromise. 

Building and maintaining trusted analytics requires organisations to govern it holistically throughout its 

lifecycle to ensure regulatory compliance and data security, without overly restricting data access and 

usage. Controlling the analytics lifecycle at speed throughout the data lifecycle is indeed the primary 

condition to ensure proper usage of consistent and protected analytics within the organisation. 



7

3 steps to deliver analytics you can trust

Our checklist to  
govern your analytics 

The following are considered:
• Systems catalogue

• Catalogue of applications

• Catalogue of entities

• Data catalogue

• Business Glossary

•  Data governance - Master Data 

Management

• Data quality

• Data architecture

• Business knowledge

• Analytical models

1.
Discover

& cleanse 
your data

3.
Automate your 
data pipelines 
& enable 
data access

2.
Organise data 
you can trust & 
empower 
people

1.
Discover

& cleanse 
your data

3.
Automate your 
data pipelines 
& enable 
data access

2.
Organise data 
you can trust & 
empower 
people

1.
Discover

& cleanse 
your data

3.
Automate your 
data pipelines 
& enable 
data access

2.
Organise data 
you can trust & 
empower 
people

STEP 1: DISCOVER & CLEANSE YOUR DATA 

Your challenge is to overcome these obstacles by bringing clarity, 

transparency and accessibility to your data assets. You have to do this 

wherever this data warehouse resides. These datasets can be found 

within enterprise apps like Salesforce.com, Microsoft Dynamics, or 

SAP; as traditional data; or in a cloud data lake. You need to establish 

proper data screening so you can make sure you have the entire 

view of data sources and data streams coming into and out of your 

organisation. These are some technologies that can help you:

Explore any data with Data Catalogues

The auto-discovery capabilities of Data Catalogues facilitate data 

screening for non technical people within your organisation. Data 

Catalogues will provide you with automated discovery and intelligent 

documentation of your datasets in your data lake. It comes with easy 

to use profiling and sampling capabilities that will help you to assess 

data at a glance. With trusted and auto profiled datasets, you will 

have powerful and visual profiling indicators, so users can easily find 

and consume the right analytics in a few clicks.

Highlight data quality issues

As mentioned, the vast majority of executives still don’t trust their 

analytics. If you leave your data in a bad shape without proper control, 

nobody will be able to use the value. So before deploying any 

analytics services such as Business Intelligence Dashboards, make 

sure you give people proper ways of screening data quality from the 

start. Think about a Data Scientist willing to explore data sets as ways 

to build new analytics. Wouldn’t it be great to give them a way to 

assess the quality of their data when exploring a data lake? You need 

to understand your data before fixing it. Since data will often come in 

hidden, inoperable, or unstructured formats, an accurate diagnosis 

will help you to have a detailed overview of the problem before fixing 

it. Data profiling enables you to work in-depth with your datasets and 

assess multiple data sources using the six dimensions of data quality. 

It will help you to identify data that is inaccurate, inconsistent, or 

incomplete. If you apply pattern recognition and data profiling during 

the discovery phase, you have a better picture of what’s in the data 

and what’s going on in any of your datasets.

Delegate cleansing in the cloud

The cloud drastically extends the boundaries of data. Lines of 

business use their own apps, products, people and assets to create 

their own data pipelines through the web and the Internet of Things 

(IoT). Self service apps such as Talend Data will allow anyone to 

access a dataset and then cleanse, standardise, transform, or enrich 

the data. Because it is easy to use, people will spend less time 

crunching data in spreadsheets or expecting their colleagues to do 

that on their behalf. Thanks to cloud platforms, data is exchanged 

seamlessly between business partners and data providers.

The CDO drives to Success 
and Governing data
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STEP 2: ORGANISE DATA YOU CAN TRUST & 
EMPOWER PEOPLE

While step 1 helps to ensure that the incoming data assets are 

identified, documented and trusted, now it’s time to organise the 

assets for massive consumption by an extended network of data 

users who will use it within the organisation. Data catalogues are key 

to help organising and sharing data for all. 

Create a single source of trust

When you collect all the datasets together into a single point of trust 

with a single point of control you can assign roles and responsibilities 

and operationalise your governance from the get go. It’s one of 

the key benefits of data cataloguing: regroup all the trusted data 

in one place and give access to members so that everybody can 

immediately use it, protect it, curate it and allow a wide range of 

people and apps to take advantage of it. Centralising trusted data 

into a shareable environment will save time and resources. 

Encourage people with data curation

Why is empowering data curators is important? A data governance 

project is not just about access for all to trusted data. It’s also about 

the enrichment and curation of trusted data to produce valuable, 

accurate insights out of the data pipelines. Making data custodians 

accountable for data accuracy and value with role based, easy-

to-use applications will help raise the level of trust in the data for 

all users. As per Wikipedia, data curation “is the organisation and 

integration of data collected from various sources. It includes 

annotation, publication, and presentation of data to make sure it’s 

valid over time”.

Orchestrate stewardship

Most data owners realise that they should act as orchestrators 

rather than manage everything in their data domain themselves. 

The collaborative part of data management here makes a great 

deal of sense. You will need to engage — occasionally or regularly— 

the ones who know the data best for data certification, arbitration, 

resolution, or reconciliation. Role based stewardship apps enable 

Data Stewards to design, orchestrate and launch “stewardship 

campaigns” to request inputs which will be used to dynamically 

enrich data through this process. 

STEP 3: AUTOMATE YOUR DATA PIPELINES & 
ENABLE DATA ACCESS

Now that your data is fully under control, it’s time to extract all its 

value by delivering it at scale to a wide audience of authorised 

humans and machines. In the digital era, scaling is a lot about 

automation.

In the second step of this approach, we’ve seen how important it is 

to have people engaged in the data governance process to make it 

happen, but the risk is that they become the bottleneck. That’s why 

you need to augment their skills, free them from repetitive tasks, and 

make sure that the policies that they have defined can be applied on 

a systematic basis across data flows. 

Learn with Machine Learning for remediation

Advanced analytics and Machine Learning (ML) help democratise 

data governance and data management because they make things 

much simpler. They improve developers’ productivity and empower 

non data experts to work with data by guiding users through their 

data journey. ML helps to suggest the next best action to apply to 

the data pipeline or capture tactic knowledge from users of data 

management platform and run it at scale through automation. 

Enable everyone

Although a data catalogue will dramatically help data consumers 

to find their data and therefore their trusted analytics, their data 

experience doesn’t stop there. They need to put the data to work. 

That’s where they need simple, user friendly apps to fit to their role: 

as a business analyst, or a data engineer, or an IT developer. The 

cloud is a perfect deployment model to enable everyone with ready 

to use, collaborative applications that can point to any datasets 

wherever they might be located. Data platforms are designed to 

provide a whole set of collaborative apps that help to consume the 

trusted data that the three step approach presented here has helped 

to create.

Publish trusted analytics with API services

It’s important to identify apps that require trusted data and connect 

them to the extremely valuable datasets that your data governance 

program has established. All the created and automated data 

pipelines will find a destination not only into business intelligence 

dashboards but also in apps that will get the most out of them. 

So, all the great work delivered on cleansing, federating and sharing 

data does not only serve your analytics but will also be used for other 

scenarios that will benefit data scientists or external applications. 

That’s one of the key benefits of APIs; they allow a wide range of 

applications to consume data assets in an easy way. By leveraging 

environments as part of your data governance platform, you will make 

sure your investment will reach far beyond analytics to feed any apps 

your organisation is consuming to ensure optimal operations.

The 12 labours of the  
trusted analytics hero 

1.   Set clear expectations from 
the start

2.  Define your meaning of success

3.   Secure your funding for trusted  
analytics project

4.  Don’t go alone

5.   Distribute the value of trusted analytics. 
Don’t overcontrol it 

6.  Start with your data

7.  Consider the cloud on your route to trust

8.   Be prepared to explain “data & 
analytics”

9.   Deliver the data value: “start small to 
deliver big”

10.  Don’t expect executive sponsorship  
to be secured

11.  Be hands on, not hands off  
with analytics. 

12. Live your data challenges

WANT TO KNOW MORE?

Take a look at further data 
governance resources.
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Your ultimate checklist to govern your analytics

   Do you have profiling 
capabilities to explore datasets 
and check immediate data 
quality?

   Why it’s important: Profiling helps you to 

access instant usability of datasets and the 

immediate corrections you may need to make. 

   When it’s important: Anytime. When 

discovering data for the first time whatever 

your role. Being equipped with profiling helps 

you to get an instant data quality picture of 

your dataset before using it. 

   Who is it important to?  Anybody. That’s why 

pervasive profiling is essential. 

   Do you provide modern apps 
that help data stewards to 
do their job under CDO’s 
governance?

   Why it’s important: Stewardship is key to give 

remote control of data quality to those with 

business expertise and make data meaningful. 

   When it’s important: When you have a need 

to make data consistent overtime. 

   Who is it important to?  Business experts who 

want tools to correct data, data governance 

managers who want to equip stewards with 

the right tools, data engineers who want to 

engage stewards for human validation. 

   Do you have self-service tools 
operationalised by IT to work on 
data quality as a team?

   Why it’s important: IT teams cannot do 

everything. They need to delegate data 

quality whilst keeping control of data 

operations. For that purpose, they need 

easy to use apps and remotely manageable 

solutions to avoid any shadow IT effect. 

   When it’s important: When your datasets 

contain business data such as customer 

records. Lines of Business with deep business 

expertise are required to apply requested 

corrections and keep data consistent; 

   Who is it important to? C-level executives 

who wish to have clean and trusted insights. 

Lines of Business experts who are eager to 

get access to data preparation tools. IT people 

to give an answer to business experts and 

make them data stewards. 

   How do you collect and 
centralise trusted data and 
metadata?

   Why it’s important: Metadata represents 

the value of your data. What, how, from, to. 

Those who will capture metadata value will be 

able to harness the value of their datasets far 

easier. 

   When it’s important: When connecting your 

data catalogue to your data sources or data 

sets centralised in a data lake. Versioning of 

Meta Data Management Solutions will keep 

metadata value consistent over time. 

   Who is it important to?  Data catalogues 

help CDOs to keep track of data, help data 

managers to manage data easier and CDOs 

to govern data from early connection to final 

usage. Data Scientists will also be able to take 

advantage of metadata.

   Do you equip Business 
Analysts with self-service data 
preparation tools?

   Why it’s important: The Business Analyst 

can learn more about the data and its quality, 

directly. And, they can help in data cleaning 

processes.

   When it’s important: When there is doubts 

about what data to use and its quality.

   Who is it important to? To CDO and business 

users.

   Do you protect data end to end?  

   Leaving personal information accessible to 

unauthorised users is a big privacy concern. 

Having powerful capabilities, You want to 

give masking access to business analysts 

who want to share data analysis with others 

without giving away sensitive private 

information. 
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Architecture
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Key findings and recommendations

KEY FINDINGS 

   Inadequate governance continues to 

constrain data lake usage. An absence of 

business friendly metadata, a lack of trust 

in data quality and a fear of regulatory 

compliance breaches are all limiting 

enterprise data lake deployments.

■    Effectively securing and automating 

data flows allows data lakes to support 

compliance needs and to function when at 

full capacity.

   Regulations such as the EU GDPR, HIPAA and 

PCI DSS are driving organisations to apply 

effective data governance. These governance 

processes not only meet compliance 

requirements, but also act as a catalyst 

to deploy data lakes to more users and 

workloads in a trusted manner.

■     Governance programs that require manual 

efforts, such as attestation of sensitive data, 

fail to scale and keep up with big data or 

enterprise wide requirements.

■    Enterprises struggle to standardise on a 

single governance tool and are hesitant to 

deploy multiple tools involving complex 

integrations. However, the current toolset 

market requires the use of multiple tools.

RECOMMENDATIONS

   Technical professionals tasked with governing 

big data infrastructures:

   Enhance your end to end data pipeline by 

applying the recommended framework to 

ensure data is properly governed and meets 

compliance requirements.

■    Operationalise your big data initiatives. 

Enhance usage of your data lakes.

One of the reasons for deploying data lakes is to 

enable advanced analytical use cases, such as

predictive analytics using ML and AI. Now, 

more companies are starting to source data 

from IoT devices and sensors. In some cases, 

the streaming IoT data is being ingested and 

persisted in a cloud based data lake. This data 

is often joined with operational data or analytical 

data housed in an on-premise data warehouse, 

leading to a hybrid big data architecture.
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Practical keynotes

DATA CATALOGUE

  Intelligently discover all your data.

  Orchestrate catalogue curation.

  Find the right data in a few clicks.

INTELLIGENCT DATA DISCOVERY

   Automatically crawls your cloud, data lake and traditional data.

   Intelligently discovers, profiles and classifies your data.

   Draws the links between datasets with relationship discovery.

ORCHESTRATED DATA CURATION

   Organises the enrichment of metadata and business glossary.

   Creates a single point of control for data access and privacy.

   Easily trace data lineage and track compliance.

EASY SEARCH BASED ACCESS TO TRUSTED DATA

   Powerful search and browsing capabilities.

   Single point of access to all metadata and business context.

   Relationship discovery across your datasets.

USE CASES: GOVERNED ANALYTICS

   Reach a wider audience.

   Enforce control.

   Crowdsource knowledge.

WHY CLOUD?

   Broadest Connectivity.

   Built in Data Quality.

   Big Data Native.

   Enterprise SDLC.

HOW TO CHOOSE USEFUL TOOLS:

   Ability to integrate with other applications, tools and data 

sources.

   Available in an integrated components suite.

   Extensive API development.

   Proven scalability.

   Adapted licensing models (open source, perpetual, 

subscription).

   Different platforms (on-premise, in the cloud  

(PaaS and SaaS), multi-cloud).

   Visibility about roadmap.

   Useful in great clients.

The CDO must categorise the data into levels of governance, so 

that it does not intend to apply the same model of governance to 

certified data as to purely exploratory data. Without this idea one of 

the following two things will happen: either it will not be agile in the 

availability of the information to the analysts or it will not have the most 

relevant information governed (the famous Business under Control).

Also, the CDO should listen to your clients (the users), whether 

they are regulators or data scientists.

Ungoverned data lakes are limiting organisations’ ability to garner 

full value from their investments in big data initiatives. Technical 

professionals should enhance their big data architectures with 

automated data governance technologies to support advanced 

analytics.

For the CDO role, creating 
a Data-Driven Culture is 
Crucial to your Governed 
Analytics

In order to obtain the new models of data and results, we could consider these practical phases:

1.
Development

experimentation models:

1.
Development

experimentation 
models:

2.
Training 
models:

3.
Deployment 

prediction models:

1.
Development

experimentation 
models:

2.
Training 
models:

3.
Deployment 

prediction models:
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A Practical Exercise  
A strategic guide from the point of view of the CDO

In order to execute analytical processes in a governed data lake, it is necessary to have a platform 
and methodology to support the use cases to be implemented.

Initially, in the analytical framework, a platform for analytical profiles with different independent work environments is proposed:

Development and experimentation environment:

It is an abstraction layer of Machine Learning models. It is aimed 

at the data scientist in order to be able to make modifications 

quickly and easily to pre-existing models.

Stages:

1.   Download in a local work area the project that is in a governed 

repository, for example in GIT.

2.  Make the adjustments the analyst needs on the project.

3.   Run in a local work area, in a remote virtual machine or in a big 

data cluster, to test the operation and results on a controlled 

dataset, and then generate the model.

4.   Upload the new base model for the prediction environment to 

the governed repository (GIT).

Training environment:

It is a set of services designed to train the models developed in 

the training environment. It is configured so that automatically 

and according to certain decision rules, it will carry out this task.

Stages:

1.   Connect to the work environment (for example, based on 

Cloud computing).

2.  Create the big data cluster with the desired characteristics.

3.  Download the project (GIT) to the work environment.

4.  Launch the model retraining execution to the cluster.

5.  Store the results, and delete the big data cluster.

Deployment and prediction Environment:

In this environment the production of the models is carried out, 

which consists in the realisation and storage of the relevant 

predictions periodically.

Stages:

1.   Connect to the work environment (for example, based on 

Cloud computing).

2.   Turn on a virtual machine (in this case it would be a machine 

with a medium computing capacity).

3.  Download the project (GIT).

4.   Launch model prediction execution. The task consists of  

a script that would perform the following operations.  

Saving the prediction in a database.

5.   Deleting the big data cluster and turning off the virtual 

machine.
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Keynotes

   The description of the platform has been based on three 

environments, which form the life cycle of a Machine Learning 

project.

   It should be noted that this cycle is iterative and it is always 

in constant development due to new data from the same 

component.

   Technology based on Cloud computing, scalable and 

portable to other platforms.

   Possibility of integration of new Machine Learning tools.

Also, when bringing (process) data into your organisation, 

multiple aspects will influence how it will be used: 

1.   A centralised data model: to reduce the risk of multiple 

“truths” living throughout the organisation.

2.   Accessibility for business users: to speed–up the decision-

making process. 

3.   Security: to make sure that people only have access to data 

they are allowed to see. 

4.   User friendly reports: to empower employees to utilise their 

own business knowledge and respond to issues faster.

The CDO is the head of the company’s data management, storage, 
management and representation. It is responsible for defining the 
strategy in terms of storage, management, recovery and use of data
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At the same time, by setting up a centralised common 

environment, IT still controls access to the data and ensures 

security, making sure there is only one “truth”. This normally means 

– a shared environment created by IT and used by business users 

to get insights.

Of course, people and processes are also important factors in the 

governed BI and analytics journey. Unfortunately, business teams 

are reluctant to involve IT from the beginning because they think 

users will lose autonomy and be required to jump through too 

many hoops, which might delay the project.

The role and responsibilities of the IT team need to evolve. 

IT should be more about offering validated access to data, 

promoting best practices, and a triage of common requirements 

and less about creating and authoring content. Of course, the 

business users must step up to ensure that chaos does not reign. 

They must understand the responsible use of data and the need 

to create, analyse, and share insights in an agile and consistent 

manner.

Data and analytics capabilities are firmly at the top of CEOs’ 

investment priorities. Whether you need to make the case for data 

quality to your c-level or you are responsible for implementing it.

So, we hope this provides some insight in how you see both 

self-service and governance as a real challenge for many 

organisations, and getting it right is difficult. It involves good 

technology, good organisation and good process.

Conclusion

The CDO is the central entity of 
the data governance of end-to-
end, data democratisation and its 
monetisation (governed analytics)

– Club Chief Data Officers Spain & LATAM

The CDO’s role is aimed at building a well-
designed data governance program to achieve its  
successful use and create value for the business.

– Mariano Muñoz Martín, Data & Analytics at Acciona Corp.

This way an organisation can disclose the data openly to its end users, giving them 
enough flexibility and power to deep dive into any data set, and decide on further 
actions based on gathered insights. Therefore, it empowers people that need the 
information and – because of less reliance on IT – speeds up decision times. 
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